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Conclusions

» Through various classification model algorithms, we have identified reliable key factors influencing ozone concentrations, such as temperature, fine dust, and solar radiation.

In the future, when high ozone concentrations occur, we anticipate the possibility of conducting scientific root cause analyses as well as efficient ozone management.

» We plan to integrate various datasets, including personal information and healthcare data, to identify regions vulnerable to high ozone concentrations. We also intend to

develop a system for predicting the issuance of ozone alerts for the following day using factors that can be forecasted in advance.




	슬라이드 번호 1

